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Abstract: Despite the essential roles of soil dissolved organic matter (DOM) and soil microbes in
agro-ecosystems, we still have a limited understanding of the extent by which they are impacted by
agronomic strategies in ecological and conventional farming. Using three-dimensional fluorescence
excitation–emission matrices (3D-EEM) and high-throughput microbial sequencing, the characteristics
of soil DOM and microbiota under realistic field conditions were estimated in the farming soils with
long-term ecological (EM) and conventional management (CM). Specifically, the role of hedgerows in
the ecologically managed land (EMH) was assessed. The total fluorescent intensity of soil DOM in the
EMH system was significantly higher than the values in CM and EM systems. Additionally, the five
normalized excitation–emission area volumes from regional integration analysis increased in the
order CM < EM < EMH. In comparison with CM and EM soils, the hedgerow significantly increased
the evenness of the bacterial communities in the EMH system, whereas no differences were found for
the alpha-diversity of eukaryotic communities. The composition of soil microbiota was significantly
distinct among the three farming systems, with a hedgerow-specific effect on bacterial community
and a management-specific effect on eukarya. The predicted functional profiles indicated that the
hedgerow showed a higher contribution to the dissimilarity of bacterial functions. Furthermore,
the distinction of the soil microbiota was modulated by the soil DOM composition and significantly
positive correlations between the microbiota involved in nutrient cycling and soil DOM were observed.
The findings in this work strengthen our understanding of the different responses of bacterial and
eukaryotic communities under the long-term ecological management and highlight the beneficial
roles of hedgerows in increasing organic matter and modulating community assembly.

Keywords: ecological management; hedgerows; three-dimensional fluorescence excitation–emission
matrices; soil microbiota

1. Introduction

Conventional intensive farming systems, largely depending on synthetic fertilizers, pesticides,
and herbicides, have contributed greatly to rising crop productivity [1]. However, there is increasing
concern for the sustainability of an intensive cultivation system as the intensification leads to
ecosystem degradation, soil contamination, diversity loss, and increased greenhouse gas emissions [2,3].
To mitigate these negative impacts and improve sustainable production, ecological or organic farming
management based on organic amendments (e.g., crop residue, farmyard compost, and slurry) for plant
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nutrition and protection has been proposed, which is considered to be low-input and environmentally
friendly [4,5]. Thus, understanding how ecological management impacts the agricultural soil is an
important subject towards a more sustainable development [6–8].

As the key component of terrestrial ecosystems, soil organic matter contributed greatly to soil
structure, soil fertility, crop production, and furthers the sustainability of agricultural systems [9–12].
Although there was evidence that the contents of soil organic matters are increased in agricultural
land managed ecologically compared to those from conventional farming, other studies have not
observed such differences, which may probably be due to that the overall pool of organic matters
in agricultural land is large [13–15]. Furthermore, because of the heterogeneity in the structure and
function, the responses of soil organic matter to management strategies may be not consistent [16–18].
In comparison with total soil organic matter, dissolved organic matter is more sensitive to the
disturbance since it is the most reactive and labile fraction, which may give a better indication
about soil physicochemical properties and biological activities [11,19–21]. However, despite intensive
studies examining the quantified changes of total soil organic matters in conventional and organic
farming systems, whether and how the management strategies affect the soil dissolved organic matters,
particularly the detailed components, remains elusive.

In the terrestrial ecosystem, soil microorganisms play critical roles in driving all biogeochemical
cycles on a global scale [22–25]. It has been reported that agricultural intensification could alter
microbial abundance, diversity, and function, which consequently restricts the sustainable productivity
of agricultural land [6,26–29]. Given their importance in agricultural ecosystems, it is vital to understand
and manage the soil microbiome through various agricultural strategies to promote beneficial and
inhibit detrimental microorganisms. Previous studies have documented that long-term organic
fertilization increased soil microbial diversity and heterogeneity, and distinct bacterial and fungal
community compositions were observed between organic managed conventional systems [30–32].
Even though positive impacts of organic farming were previously reported, the effects of agricultural
management on the soil microbiome are, however, complex and commonly diverse, likely due to the
enormous complexity of microbial life and the great variation of climatic and edaphic factors across
the world [33,34]. Thus, retrieving a universally valid conclusion on the consequences of ecological
management practices is difficult.

Recently, hedgerows on agricultural land, initially designed for landscape services, were found
to reduce the runoff erosion, and hence decrease the losses of nitrogen and phosphorus in soil [35].
Additionally, hedgerows significantly contributed to the above-ground biodiversity as they provided
specific habitats for small mammals, birds, and insects [36–38]. For example, Spanns et al. [39]
reported that trimmed hedgerows significantly increased the diversity of oribatid mite communities
in agricultural land. Although the benefits of hedgerows on the above-ground ecosystems were
well studied, little is known about how hedgerows affect the below-ground microbiome in the
agriculture land.

The purpose of this study is to describe and estimate the responses of soil dissolved organic matter
(DOM) and soil microbial diversity to long-term (10 years) continuous ecological (EM) and conventional
farming (CM). The effects of hedgerows in ecologically managed land (EMH) were explored in parallel.
Excitation emission matrix fluorescence was employed to identify the components of soil DOM, and the
soil microbial diversity assessed using a high-throughput DNA sequencing approach of bacterial and
eukaryotic ribosomal markers. We hypothesized that (i) ecological management and hedgerows would
have positive effects on soil DOM; (ii) the interaction of ecological management and hedgerows would
result in differences in the responses of soil microbial diversity, and (iii) similar responses of bacterial
and fungal communities to the farming systems would be observed.
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2. Materials and Methods

2.1. Study Site and Soil Sampling

The Anyang research station is located in Henan Province, China (114◦15′ E, 35◦51′ N), which is
characterized by a mean annual precipitation of 606 mm and a mean annual temperature of 13.2 ◦C.
The soil in this station mainly belongs to yellow cinnamon soil (ultisol, USDA), and the cropping
regime is wheat-maize rotation. In the conventional system (CM), mineral fertilizers and pesticides
were performed to provide plant nutrient and protection. The EM and EMH systems exclusively
receive organic fertilizers (farmyard manure and slurry), and the plant protection was performed
using mechanical and biological strategies. These fields have been adopted ecologically for 10 years.
In addition, the EHM system was bordered by natural indigenous shrubs (mainly including Broussoneia
papyrifera and Morus australis) as the hedgerows (1.0–1.5 m width). Four fields of each farming
system were chosen, and within each field, two plots were identified with GPS points. For each
plot, five soil cores (5 × 20 cm; length × width) were collected and bulked together to form one
composite sample. A total of 24 soil samples were collected in July 2019. Soil samples were sieved
with 2 mm mesh, and stored at 4 ◦C for soil chemical analysis and −80 ◦C for genomic DNA extraction.
The soil chemical properties were measured using standard methods, and the details are given in
Supplementary materials.

2.2. Soil DOM Extraction and Data Analysis

Water extraction from air-dried soil samples was performed to characterize the soil DOM [40].
Briefly, 5 g of air-dried soil and 25 mL of deionized water were transferred into 50 mL centrifuge
tubes, and the vials were shaken at 200 rpm for 30 min on a horizontal shaker. After centrifugation at
4000 rpm for 20 min, the supernatant was filtered through 0.45 µm glass fiber filter paper. The extract
was stored in the dark at 4 ◦C, and analyzed within two days. A Varian Cary Eclipse fluorescence
spectrophotometer (Agilent, California, USA) was used for excitation emission matrix (EEM) analysis
with emission from 280 to 600 nm at 2 nm step and excitation from 250 to 550 nm at 5 nm step. The EEM
data was then normalized to Raman unit (R.U.) by the integrated intensities of the Raman signal and
the total fluorescent intensity (TFI) was represented as the overall fluorescence of soil DOM.

Three fluorescent indices, including fluorescent index (FI), humic index (HIX), and biological
index (BIX) were calculated to describe the characteristics of soil DOM [41–43]. Specifically, FI, the ratio
of emission intensity at 470 nm to that at 520 nm with excitation at 370 nm, was used to identify the
contribution of microbial activity to soil DOM. The HIX was used to evaluate the complexity and
aromaticity of DOM, which was obtained from the ratio of fluorescence intensity at 435–480 nm to
the sum intensity at 300–345 nm and 435–480 nm. The BIX was the ratio of fluorescence intensity
at emission 380 nm to that at 430 nm, with excitation 310 nm, which can be used for evaluating the
relative proportion of organic matter derived from microbe in soil. Additionally, a fluorescence regional
integration method for EEM spectra was applied to quantify the DOM components [44]. Five regions,
with consistent excitation and emission boundaries, were obtained for each EEM spectra, accounting
for the normalized excitation–emission area volumes of aromatic protein I (Region I), aromatic protein
II (Region II), fulvic acid-like (Region III), soluble microbial by-product-like (Region IV), and humic
acid-like (Region V), respectively.

2.3. DNA Isolation, Amplification, and Sequence Processing

The total DNA was extracted from 0.5 g of each soil sample using the DNeasy PowerSoil
isolation kit (Qiagen, Shanghai, China) following the manufacturer’s instructions. The Nano drop
spectrophotometric analysis was used to evaluate the quality and concentration of the isolated DNA.
The universal 16S rRNA gene forward primer 338F (ACTCCTACGGGAGGCAGCA) and reverse
primer 806R (GGACTACHVGGGTWTCTAAT) were used for bacterial amplification, while the 18S
rRNA gene was amplified by using the forward primer 817F (TTAGCATGGAATAATRRAATAGGA)
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and reverse primer 1196R (TCT GGACCTGGTGAGTTTCC). The PCR protocol was carried out in an
ABI GeneAmp® 9700 amplification (Thermo Fisher Scientific, Massachusetts, USA) as follows: intimal
denaturation at 95 ◦C for 3 min, then 35 cycles of 95 ◦C for 30 s, 55 ◦C for 30 s, and 72 ◦C for 45 s,
final extension at 72 ◦C for 10 min. The PCR products were further purified using AxyPrep DNA gel
extraction kit (Axygen Biosciences, California, USA), and sequenced on the Illumina Miseq platform
by Majorbio BioPharm Technology Co. Ltd. (Shanghai, China).

The raw sequences were filtered and analyzed by Quantitative Insights Into Microbial Ecology
(QIIME2, version 2020.02) according to the online introductions [45]. Sequences were demultiplexed
and barcodes were trimmed using the cutadapt plugin [46]. The sequences were then denoised using
dada2 and clustered into amplicon sequence variants (ASVs) [47]. The taxonomic information of each
ASV was assigned using the naive Bayes method using the Silva 132 database as training references [47].

2.4. Statistical Analysis

The alpha-diversity indices, including, observed richness, Smith–Wilson evenness, and Shannon
diversity were calculated in QIIME, and the different significances were determined using
Kruskal–Wallis and pairwise Wilcoxon tests. To further evaluate the effects of management
and hedgerow on alpha-diversity, three different non-parametric multivariate statistical tests,
including non-parametric multivariate analysis of variance (Adonis), analysis of similarity (ANOSIM),
and multi-response permutation procedure (MRPP) were used based on Euclidean distances [7].
The differences in beta-diversity were measured using Bray–Curtis dissimilarity based on the
ASV abundances by principal coordinates analysis (PCoA), and the three tests, i.e., Adonis,
ANOSIM, and MRPP were also applied for beta-diversity to maximize comparability with analysis
of alpha-diversity [48]. The effects of management and hedgerow on soil chemistry and DOM
were examined using PCoA, combined with the Adonis test based on Euclidean distances after
z-transformation. Redundancy analysis (RDA) and variance partitioning analysis (VPA) were used to
estimate the relationship between beta-diversity and the characteristics of soil chemistry and DOM.
Differentially abundant ASVs in CM, EM, and EMH systems were analyzed using the “edgeR” library.
The cladogram based on linear discriminant analysis effect size (LEfSe) was used to show the species
with significant abundances in the three systems [49]. The functional profiles of soil bacteria and
eukarya were analyzed using FAPROTAX [50] and FUNGuild [51], respectively. All the statistical
analyses were performed using R software 3.6.2.

3. Results and Discussion

3.1. Variation of Soil Chemical Properties and DOM between the Three Farming Systems

The Adonis analysis indicated that management and hedgerow statistically influenced several
soil chemical characteristics (Table S2). For instance, significant effects (p < 0.01) of management,
hedgerow, and the interaction of ‘management × hedgerow’ were observed for the contents of TN, TP,
and available P. However, TK, available K, alkali-hydrolytic N, and ammonium showed no statistical
differences between the three farming systems. Additionally, the farming land managed conventionally
or ecologically significantly influenced soil pH and the contents of soil organic matter and nitrate.
Previous studies have demonstrated that organic or ecological management could influence soil
agroecosystem characters, which was greatly due to the sustained application of organic fertilizer [52].
In our study, farmyard manure and slurry were the exclusive fertilizer in EM and EMH systems,
confirming that ecological management may potentially benefit the soil fertility. In comparison with the
management mode, few studies have focused on the effects of hedgerows in farming land. Xia et al. [53]
observed that contour hedgerows could significantly reduce the runoff and soil erosion, which hence
decreased the nitrogen and phosphorus losses. Oshunsanya et al. [54] also reported the similar effects of
hedgerows on nitrogen and phosphorus losses. Our results, coupled with previous studies, suggested
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that the hedgerows on farming land can potentially control soil erosion and increase soil nutrients,
further supporting various ecosystem services.

The EEM with regional integration was used to evaluate the differences of DOMs in the three
farming systems (Figure 1). Management and hedgerow induced a significant increase in the TFI values.
For example, the average TFI values in the EMH system were 23,234 R.U., which were significantly
higher than those in CM and EM (13,325 and 18,432 R.U., respectively). The FI values ranged from
1.29 to 1.41, suggesting the soil DOM from our study was derived from terrestrial and allochthonous
sources [41,42]. Furthermore, ecological management significantly increased the values of both FI and
HIX, revealing a higher humification degree in EM and EMH systems. The elevated HIX values in
ecologically managed land may be due to the application of organic fertilizers. In fact, previous studies
have demonstrated that organic amendments, e.g., compost, manure, and biochars, can increase the
humification degree in soil [55]. No statistical effects of management or hedgerow were observed for
the BIX values, and the relatively small BIX values (0.52–0.67) indicated low production of organic
matter in the three farming systems.

Agronomy 2020, 10, x FOR PEER REVIEW 5 of 16 

coupled with previous studies, suggested that the hedgerows on farming land can potentially control 
soil erosion and increase soil nutrients, further supporting various ecosystem services. 

The EEM with regional integration was used to evaluate the differences of DOMs in the three 
farming systems (Figure 1). Management and hedgerow induced a significant increase in the TFI 
values. For example, the average TFI values in the EMH system were 23234 R.U., which were 
significantly higher than those in CM and EM (13325 and 18432 R.U., respectively). The FI values 
ranged from 1.29 to 1.41, suggesting the soil DOM from our study was derived from terrestrial and 
allochthonous sources [41,42]. Furthermore, ecological management significantly increased the 
values of both FI and HIX, revealing a higher humification degree in EM and EMH systems. The 
elevated HIX values in ecologically managed land may be due to the application of organic fertilizers. 
In fact, previous studies have demonstrated that organic amendments, e.g., compost, manure, and 
biochars, can increase the humification degree in soil [55]. No statistical effects of management or 
hedgerow were observed for the BIX values, and the relatively small BIX values (0.52–0.67) indicated 
low production of organic matter in the three farming systems. 

 
Figure 1. The values of total Fluorescent Intensity (TFI), fluorescent indices and the area volumes of 
five regions in conventional management (CM), ecological management (EM), and ecological 
management with hedgerows (EMH) samples. 

In addition to the variation in the values of TFI and fluorescent indices, the excitation–emission 
area volumes of the five regions were calculated to assess the effects of management and hedgerow 
on DOM components (Figure 1). It appears that the area volumes of all the five regions increased in 
the order CM < EM < EMH. For example, the volumes of Regions Ⅰ–Ⅴ in EMH systems were 1.11, 
3.68, 4.45, 3.17, and 3.38 × 104 AU-nm2, which were statistically higher than their respective values in 
CM and EM values. Furthermore, the three multivariate statistical tests indicated management, 
hedgerow, and their interaction significantly influenced the volumes of Regions I–V (Table S2). 
According to previous studies (Chen et al., 2013), Regions I, II, and IV can be assigned to be protein-

CM EM EMH

10000

20000

30000

TF
I (

R
.U

.)

CM EM EMH

1.29

1.32

1.35

1.38

1.41

FI

CM EM EMH
0.7

0.8

0.9

H
IX

CM EM EMH
0.5

0.6

0.7

BI
X

CM EM EMH
0

5000

10000

15000

R
eg

io
n1

 (A
U

-n
m

2 )

CM EM ENH
0

20000

40000

60000

R
eg

io
n2

 (A
U

-n
m

2 )

CM EM EMH
0

20000

40000

60000

R
eg

io
n3

 (A
U

-n
m

2 )

CM EM EMH
0

20000

40000

60000

R
eg

io
n4

 (A
U

-n
m

2 )

CM EM EMH
0

10000

20000

30000

R
eg

io
n5

 (A
U

-n
m

2 )

Figure 1. The values of total Fluorescent Intensity (TFI), fluorescent indices and the area volumes of five
regions in conventional management (CM), ecological management (EM), and ecological management
with hedgerows (EMH) samples.

In addition to the variation in the values of TFI and fluorescent indices, the excitation–emission
area volumes of the five regions were calculated to assess the effects of management and hedgerow on
DOM components (Figure 1). It appears that the area volumes of all the five regions increased in the
order CM < EM < EMH. For example, the volumes of Regions I–V in EMH systems were 1.11, 3.68, 4.45,
3.17, and 3.38 × 104 AU-nm2, which were statistically higher than their respective values in CM and EM
values. Furthermore, the three multivariate statistical tests indicated management, hedgerow, and their
interaction significantly influenced the volumes of Regions I–V (Table S2). According to previous



Agronomy 2020, 10, 1316 6 of 15

studies (Chen et al., 2013), Regions I, II, and IV can be assigned to be protein-like material, while
Regions III and IV were classified as fulvic-like and humic-like components. Therefore, a humification
parameter based on the ration between the sum of volumes of Regions III and V and the sum of
Regions I, II, and IV was used to characterize the humification of organic substances [56]. Similarly,
the humification parameter in EMH was significantly higher than those in EM and CM, indicating that
ecological management and hedgerow contributed to the humification process in the farming land.

The relationship between soil chemical properties and DOM characteristics was further assessed
based on Pearson’s correlation to explore the potential influences of environmental factors (Figure 2).
The TN, TP, and available P were significantly positively correlated to the TFI values and the volumes of
Regions I, III, IV, and V, suggesting the elevated contents of N and P may facilitate the DOM production
and storage. A negative relationship between pH and DOM was observed. Previous studies have
reported that increased soil acidity can greatly reduce DOM leaching [57]. Therefore, the acidification
(approximately 0.4 unit) in this study may have decreased DOM leaching and hence led to higher DOC
accumulation. Additionally, the management and hedgerow may alter the activities of several certain
microbes, potentially influencing the production or consumption of DOM [58,59].
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3.2. The Farming System Effects on Bacterial and Eukaryotic Communities

After assembling and quality filtering, a total of 1,062,863 (44,285 ± 4455 per sample) bacterial
and 1,052,360 (43,848 ± 7495 per sample) eukaryotic high-quality sequences were obtained for the
24 soil samples. Sequence clustering yielded 3935 bacterial and 684 eukaryotic ASVs, respectively.
The average Good’s coverage was 0.98 ± 0.03 and 0.99 ± 0.01, respectively, for the bacterial and
eukaryotic communities, indicating the sufficient depth of sequencing for all samples.

For the three alpha-diversity indices estimated in this study, there was no statistically significant
difference between the three farming systems for the eukaryotic community (Figure S1). While for the
bacterial community, the EMH system showed significantly lower diversity compared to the other
two systems, with statistically higher evenness (Figure S2). The three complementary non-parametric
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multivariate statistical tests further confirmed that management and hedgerow have no significant effect
on eukaryotic alpha-diversity (Table S3). All bacterial parameters except richness were significantly
influenced by hedgerow, and only bacterial evenness was statistically impacted by the interaction of
‘management × hedgerow’.

Principal coordinate analysis (PCoA) based on Bray–Curtis distances at the ASV level showed
that bacterial and eukaryotic communities were significantly distinct between the three farming
systems, indicating management and hedgerow were the drivers of microbial beta-diversity (Table 1,
Figure 3). The Adonis test showed the bacterial and eukaryotic communities in the farmland
managed conventionally and ecologically were on average 10.3% and 18.4% dissimilar, indicating
a stronger management effect on eukarya than on bacteria. Additionally, the communities with
or without hedgerows were 12.5% and 8.7% dissimilar, respectively, revealing that hedgerow has
a stronger effect on bacteria. In fact, the hedgerow effect on the eukaryotic community was not
statistically supported by the ANOSIM test (Table 1). The effects of management and hedgerow
on dominant bacterial and eukaryotic phyla were further investigated. Even though no significant
differences were observed for the relative abundances of the dominant bacterial phyla among the three
farming systems, the compositions were statistically distinct (Table S4). Based on the Bray–Curtis
distances, the three multivariate statistical tests indicated the management, hedgerow, and their
interaction significantly influence the compositions of Actinobacteria, Proteobacteria, Chloroflexi,
Gemmatimonadetes, Bacteroidetes, and Planctomycetes. While for eukaryotic phyla, the structure of
Ascomycota was significantly impacted. To better illustrate the effects of management and hedgerow
on the soil microbiota, we identified bacterial and eukaryotic OTUs that were specifically enriched in
the three farming systems. There were 315, 261, and 189 bacterial ASVs significantly enriched in CM,
EM, and EMH (Figure 4), respectively. For CM and EM systems, most of the enriched ASVs belonged to
Proteobacteria, Acidobacteria, Chloroflexi, and Actinobacteria, while for the EMH system, the enriched
ASVs were mostly belonged to Actinobacteria and Chloroflexi. Furthermore, there were 22, 25, and 11
eukaryotic ASVs significantly enriched in CM, EM, and EMH, respectively, which mostly belonged to
Ascomycota. Based on LEfSe with a linear discriminant analysis score that exceeded a threshold of 2.0,
a total of 58 bacterial and 26 eukaryotic families contributed to the significantly different abundances
among the three systems (Figures S3 and S4). Thereinto, 23 bacterial and 10 eukaryotic families were
identified as the biomarkers in the EM system, while 11 bacterial and 6 eukaryotic families in the
EMH system.

Following the rapid advances in DNA sequencing technologies, intensive studies have examined
the responses of microbial communities to agricultural managements, which often observed ambiguous
results. For instance, Hartmann et al. [7] and Degrune et al. [34] reported that organic farming
showed significantly higher microbial diversity and lower evenness when compared to conventional
management. However, Bonanomi et al. [33] observed statistically lower bacterial richness and Shannon
diversity in a 20-years organic farming land compared to conventional farming land. Lupatini et al. [32]
found that long-terming organic management had a positive effect on both fungal diversity and
evenness, but showed no effects on the richness, diversity, and evenness of the protist community.
In the current study, only hedgerow showed significant effects on bacterial diversity and evenness,
while the management had no effects. Therefore, it is difficult to draw a robust conclusion on
the effects of agricultural management on the bulk microbial diversity. One potential reason is
that the pedological contexts, agricultural strategies, and sampling designs varied greatly across
different studies. For example, previous studies indicated the types of organic input and the crop
rotations were the important farming practices affecting soil microbial communities [60]. It has been
reported that the response of bacterial evenness was different between short—and long—term organic
farming, suggesting that the drawn conclusions strongly depended on the experimental designs [32].
Additionally, although significant differences in the relative abundances of several dominant taxa,
including Proteobacteria, Actinobacteria, and Ascomycota, were not observed among the three farming
practices, the compositions of these phyla were significantly influenced by management and hedgerow.
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All these phyla have generally been described as important organic matter decomposers and respond
fast under organic carbon-rich conditions [61,62]. The changes in the structures may be strongly linked
to the elevated DOM in EM and EMH systems.

Table 1. Effects of management and hedgerow on bacterial and eukaryotic beta-diversity as assessed
by the three complementary non-parametric multivariate statistical tests.

Adonis ANOSIM MRPP

F P R P δ P
Bacteria

Management (M) 2.534 0.006 0.286 0.004 0.267 0.006
Hedgerow (H) 3.146 0.005 0.234 0.014 0.264 0.001

M × H 2.752 0.001 0.358 0.001 0.275 0.001
Eukarya

Management (M) 4.969 0.001 0.5972 0.001 0.325 0.001
Hedgerow (H) 2.095 0.024 Neg 0.517 0.338 0.005

M × H 3.673 0.001 0.367 0.001 0.312 0.001
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3.3. The Farming System Effects on Predictive Functional Profiling

In addition to the composition analysis of the microbial community, the functional profiles
based on bacterial and eukaryotic gene data were predicted using FAPROTAX and FUNGuild.
The pattern of predicted functional profiles under different farming systems was visualized using
PCoA based on the Bray–Curtis dissimilarity (Figure 5). A close clustering of EM and CM samples
on bacterial functions was observed, which was separated from the EMH samples. The primary
principal coordinate explained 74.4% of the total variance. The three complementary non-parametric
multivariate statistical tests further indicated that hedgerow significantly (p = 0.001) influenced the
bacterial functions (Table S5). Furthermore, the most prominent predicted functions obtained via
FAPROTAX analysis were chemoheterotrophy (37.7%) and aerobic chemoheterotrophy (35.3%), and the
relative abundances of these two categories were higher in EMH and EM soil than in the CM soil (Figure
S5). The abundances of the category nitrification, aerobic nitrite oxidation, and aerobic ammonia
oxidation were also relatively higher in EMH and EM soil samples. It has been well documented
that chemoheterotrophic bacteria need to obtain carbon and energy from the oxidation of soil organic
compounds [63]. The higher abundances of chemoheterotrophy and aerobic chemoheterotrophy in
EM and EMH soils potentially suggested that the contents of available organic matters were higher
in these two farming systems, which can be explained by the higher TFI values and area volumes
of Regions I–IV. Nitrification, i.e., the conversion of ammonium via nitrite to nitrate, coupled with
aerobic nitrite oxidation ammonia oxidation, were relatively higher in EM and EMH systems, likely
indicating that ecological management could facilitate the process of nitrogen fixation. For FUNGuild
analysis, the CM samples were separated with EM and EMH along the primary coordinate, which
explained 47.58% of the total variance. The multivariate statistical tests indicated that the profiles of
the eukaryotic trophic mode were statistically (p = 0.001) impacted by management and the interaction
of management and hedgerow. The dominant trophic modes, including pathotrophs and saprotrophs,
also exhibited high variability in relative abundance among the three farming systems (Figure S6).
Through the functional prediction, we can conclude the agricultural strategies influence not only
the composition of soil microbiome but also the microbial functions in soil. However, it should be
noted that the classification of the microbial ASVs into functional groups was performed based on
the previous literatures, which may show several limitations. For instance, only small parts of the
microbial ASVs, 1569 bacterial and 99 eukaryotic ASVs in this study, were classified into the functional
groups. Additionally, previous studies also indicated the function from cultured members of one
certain taxon may be falsely generalized to all the members [50,61].
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3.4. Relationship between Soil Microbial Communities, Soil Properties, and DOM Composition

The redundancy analysis (RDA) and VPA were used to estimate the contributions of soil
environmental properties and DOM composition to the soil microbial communities (Figure 6). For the
EEM results, only the area volumes of Regions I–V were used. While for soil environmental properties,
TK, available K, alkali-hydrolytic N, and ammonium were not included, due to that management or
hedgerow has no effects on these parameters. The soil DOM compositions and combined environmental
parameters explained 35.60% and 32.22% of bacterial community variation, respectively. For the
eukaryotic community, the DOM and environmental parameters explained 23.92% and 19.06%,
respectively. The results strongly suggested DOM was responsible for shaping the bacterial and
eukaryotic community structures.
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To further investigate the interconnections between soil microbial communities and abiotic factors,
the coefficient analysis based on the Spearman correlation between family-level relative abundances
and the environmental variables was carried out (Figure 7). In general, more positive correlations were
observed between bacterial families and environmental variables, whereas more negative associations
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were found for eukaryotic taxa. The family Beijerinckiaceae, Pseudonocardiaceae, Azospirillaceae,
and Streptomycetaceae were significantly (p < 0.05) positively correlated with the area volumes of
Regions I–V, potentially suggesting that these taxa may play an important role in the nitrogen and
carbon cycles. In fact, members of these bacteria are known to be involved in the degradation and
conversion of organic compounds, and have been widely observed in composts or compost-amended
soils. For instance, Silva et al. [64] reported that Pseudonocardiaceae and Streptomycetaceae were
significantly abundant in the mature compost, which contributed to the high contents of humic-like
acids. Additionally, Azospirillaceae has been reported as free-living nitrogen-fixing bacteria that is
associated with promoting plant growth [65], indicating a high content of soil DOM may be beneficial
for crop growth. Furthermore, the FAPROTAX analysis also indicated ASVs belonging to these families
contributed to the functions of chemoheterotrophy and aerobic chemoheterotrophy. For eukarya,
Sympoventuriaceae, Cucurbitariaceae, and Stachybotryaceae were statistically (p < 0.05) negatively
correlated with the volume of DOM. Previous studies have indicated members of these eukarya can be
saprobic or parasitic [66]. The negative associations may suggest that DOM induced in EM and EMH
systems potentially controls the fungal pathogens. Furthermore, strong positive correlations between
DOM and the family Rhizinaceae, Nectriaceae, and Arachnomycetaceae (p < 0.05) were observed,
which may be attributed to the fact that these taxa are complex carbon-decomposing fungi and the
elevated DOM contributes to their abundances [66]. In summary, strong correlations between specific
microbial taxa and DOM were observed, suggesting that ecological management and hedgerow can
promote the presence of beneficial microbiome and hence facilitate the nutrient transformation and
pathogen control.
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It must be noted that only the fluorescence characteristics of DOM obtained by EEM was considered
to investigate the effects of ecological management on soil in this study. Other technologies, such as
Fourier-Transform Ion-Cyclotron-Resonance Mass Spectrometry (FT-ICR-MS), which can analyze
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the molecular composition of DOM, may can be used for further studies to help us to predict the
carbon cycling under ecological management. Additionally, climate variables (e.g., precipitation
and temperature) may also affect the soil microenvironmental conditions and microbial community
structure and activity. The effects of ecological management under different climate conditions should
be further studied.

4. Conclusions

Taking the advantage of EEM fluorescence and molecular biology informatics, the characteristics of
soil DOM and microbial communities under different agricultural strategies were explored. Our results
indicated that long-term ecological management and hedgerow significantly increased the content of
soil DOM compositions and the degree of humification. Compared to the conventional management,
the organic farming system increased the evenness of bacterial community, whereas the alpha-diversity
of eukaryotic community was similar among the three farming systems. Both management and
hedgerow contributed to the distinct bacterial composition in the three farming systems, however,
no significant effects of hedgerow on the eukaryotic community were observed. Higher abundances
of functions related to nutrient cycles were observed in EM and EMH systems. In addition, specific
microbial taxa, which were involved in organic decomposition and nutrient transformation, were found
to be strongly correlated with the soil DOM compositions, suggesting that ecological management and
hedgerow may be beneficial for improving nutrient availability and crop growth.
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